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In [1]:

# F—8tYDEEA AR
import pandas as pd

data = pd.read_csv("./data/wine.csv")
data.head(n = 5)

Out[1]:

alcohol malic_acid ash alcalinity_of ash magnesium total_phenols flavanoids n

0 1423 171 2.43 15.6 127.0 2.80 3.06
1 1320 178 2.14 11.2 100.0 2.65 2.76
2 1316 2.36 2.67 18.6 101.0 2.80 3.24
3 1437 1.95 2.50 16.8 113.0 3.85 3.49
4 1324 259 287 21.0 118.0 2.80 2.69
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In [2]:

#EFNTNBIANINDEIEDHES
data.target.value_counts()

Out[2]:
1 71
(7] 59

Name: target, dtype: int64
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In [3]:

# TF—5 DAL
import matplotlib.pyplot as plt
import seaborn as sns

shs.pairplot(data, hue = "target™)
plt.show()
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In [4]:

#Tr—SENFET—5ET RN T—2IC5
from sklearn.model_selection import train_test_split

X = data.drop("target", axis = 1).values
y = data["target"].values
X_train, X_test, y_train, y_test = train_test_split(X, y, test_size = 0.2)

X_train.shape, X_test.shape #AiET—2 1041, TR T—5261%
Out[4]:

((104, 13), (26, 13))
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In [5]:

# Tr—S#EIFHME
from sklearn.preprocessing import StandardScaler

ss = StandardScaler()
ss.fit(X_train)

X_train, X_test = ss.transform(X_train), ss.transform(X_test)
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In [6]:

# sklearnZ 0\ EMLPDI—7 >4
from sklearn.neural_network import MLPClassifier

mlp = MLPClassifier(hidden_layer_sizes = (5, ), ZT—FT0F+
activation = "relu",
batch_size = int(104/2), #Z2ETINTUIA
solver = "sgd",
learning_rate = "constant",

learning_rate_init = 0.1,
early_stopping = True,
n_iter_no_change = 10,
validation_fraction = 0.2)

mlp.fit(X_train, y_train)
Out[6]:

MLPClassifier(batch_size=52, early_stopping=True, hidden_layer_sizes=(5,),
learning_rate_init=0.1, solver='sgd', validation_fraction=0.2)
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In [7]:

# FE R
plt.plot(mlp.loss_curve_)
plt.xLlabel("epochs™)
plt.ylabel("loss")

plt.show()
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In [8]:
# TRNT = TDRRITTS
from sklearn.metrics import confusion_matrix

pred_test = mlp.predict(X_test)
confusion_matrix(y_test, pred_test)

Out[8]:

array([[14, @],
Lo, 121D

In [9]:

# Aig T — 5 TDERITTS
pred_train = mlp.predict(X_train)
confusion_matrix(y_train, pred_train)

Out[9]:

array([[45, @],
L 0, 591D
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